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Abstract—Edge cloud computing is a new paradigm in which the computation and storage services of remote cloud data centers are
moved to Edge Cloud Nodes (ECNs) in network edges. Compared to traditional cloud data centers, ECNs are geographically close to
mobile users so the communication latency is significantly reduced. In this paper, we study the problem of allocating Virtual Machine

(VM) resources in geo-distributed ECNs to mobile users by using the auction theory. First, we treat mobile users and ECNs as the
buyers and sellers of the VM resource auction, respectively. Then, we model the VM resource allocation problem as an n-to-one
weighted bipartite graph matching problem with 0-1 knapsack constraints. Since this problem is NP-hard, we design a greedy
approximation algorithm to determine the winners of the auction, based on which we propose a truthful Auction-based VM resource
Allocation (AVA) mechanism to solve the problem. Moreover, we prove that the AVA mechanism not only achieves an approximately
optimal solution for winner selection, but also has the properties of truthfulness, individual rationality, and computational efficiency.
Finally, we conduct extensive simulations on real traces to verify the significant performances of the proposed AVA mechanism.

Index Terms—Auction mechanism, edge cloud, mobile cloud computing, virtual machine allocation

1 INTRODUCTION

ECENT years have witnessed the proliferation of

mobile cloud computing, through which mobile users
can migrate various applications from their smart devices
to remote cloud data centers such as Amazon EC2 [4],
Microsoft Azure [18], and so on. By using the resources
(such as computation, storage, etc.) in clouds, these smart
devices can break through resource limitations to com-
plete complicated applications, significantly enriching
their functionality. However, since mobile users are usu-
ally far away from remote cloud data centers, migrating
applications will inevitably lead to a long communication
delay as well as a heavy network load, severely down-
grading mobile users’ experience. To mitigate such nega-
tive influences, a new mobile cloud computing paradigm,
called edge cloud [8], [13], [21], [24], [25], also known as
fog computing or cloudlets [14], [15], [17], [32], is pro-
posed. In the edge cloud paradigm, a number of small-
scale computing and storage servers are placed at
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network edges to form some Edge Cloud Nodes (ECNs).
Mobile users can directly access nearby ECNs so that the
latency and network load can be reduced significantly.

A typical Mobile Edge Cloud (MEC) framework is com-
posed of lots of mobile users, some ECNs, and a Centralized
Cloud (CC). The ECNSs, which are deployed by some cloud
service providers, are distributed at network edges. The
mobile users can connect to the ECNs via a wireless local
area network [2], [11], [17], (also known as radio access net-
work [2], [3], [31], wireless metropolitan area network [14],
[24], etc.), while these ECNs connect to the remote CC
through core network [2], [8] (also known as backbone/
backhaul network [11], [13], [25], wide area network [8],
[17], [31], etc.), as shown in Fig. 1. Compared to the remote
CC, ECNs are geographically distributed and small-scale.
Some mobile users will first send cloud service requests to
an ECN. Then, if the ECN cannot provide cloud service for
these mobile users, it may upload part of the requests to the
CC via core network, which would inevitably incur a very
long transmission delay.

Virtual Machine (VM) resource allocation is one of the
most important issues in edge clouds [12], [13], [15], [22],
[30]. Consider that a lot of mobile users have some cloud
computing applications (i.e., tasks) that need to be dealt with.
However, these users lack sufficient storage and computing
resources. Thus, they need to rent VM resources from the
ECNss. In order to ensure the quality of the cloud computing
applications, the transmission delay of each task must be no
larger than a deadline (called deadline constraints). Mean-
while, the ECNs would complete the allocated tasks only
when the total VM resources requested by mobile users are
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Fig. 1. An illustration of the mobile edge cloud computing framework.

no larger than the VM resource capacity of the ECNs (called
capacity constraints). However, if the capacity constraint of
an ECN cannot be satisfied, the ECN may upload part of the
allocated tasks to the CC under the deadline constraints. In
this paper, we focus on the VM resource allocation for dead-
line-sensitive cloud computing tasks in distributed edge
cloud, attempting to avoid overwork and wasted resource in
any of ECNs. Moreover, due to the competition for VM
resources between users, we study the problem of allocating
VM resources in ECNs to mobile users by using auction the-
ory. Actually, it is very challenging to design the auction-
based VM resource allocation mechanism in MEC. We sum-
marize three major challenges.

First, different from the traditional two-layer cloud struc-
ture, the mobile edge cloud is actually a three-layer structure,
as shown in Fig. 1. When the requested VM resources exceed
the capacity constraints of ECNs, the ECNs can upload part
of the allocated tasks to the CC. That is to say, the CC can be
seen as the ultimate resource pool for all ECNs. Thus, the
VM resource allocation among distributed ECNs is a special
multiple 0-1 knapsack problem. Especially, when involving
the heterogeneous deadline constraints, such VM resource
allocation problem in MEC is nontrivial.

Second, the bandwidths of ECNs are heterogeneous.
Here, the bandwidths of an ECN include the bandwidth
associated with the CC and the bandwidth allocated to
mobile users. This indicates that the transmission delays of
uploading these deadline-sensitive tasks to different ECNs
are heterogeneous. Also, if a task is uploaded from an ECN
to the CC, the transmission delay contains two parts: the
time of transmitting the task from users to an ECN and the
time of uploading the task from the ECN to the CC. There-
fore, the transmission delay of a task is dynamic, which
depends on the specific allocation decisions.

Third, due to the heterogeneous resource configuration
of ECNs including VM resource capacity, bandwidth, com-
munication cost, etc, mobile users might have different pref-
erences for each ECN. Thus, many users might compete for
the limited resources in the same ECN. The users who lose
the competition have to seek alternative resources from
other ECNs, which results in competition for resources in
other ECNs. Additionally, to ensure that each mobile user
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will not manipulate its bids (i.e., truthfulness) and each
user’s payoff is nonnegative (i.e., individual rationality), a
proper auction mechanism for such VM resource competi-
tion across multiple geo-distributed ECNs is needed.

In fact, there have been some works devoted to the
resource allocation and workload scheduling in edge clouds.
For example, Tan et al. [24] proposed the OnDisc algorithm
to dispatch and schedule jobs between ECNs and cloud
data centers, so as to minimize the total response time;
Jia et al. [14] investigated how to schedule tasks between
multiple cloudlets, so as to minimize the maximum average
response time. However, most of these works study the
resource allocation problem in edge clouds mainly from the
viewpoint of workload scheduling without considering
the competition for resource requests from an economic
point of view. Among the existing works, only a few stud-
ies [15], [22], [30] are close to our problem to a certain extent.
More specifically, [15] proposes two truthful mechanisms to
coordinate the resource auction between users and ECNs.
However, this work simply assumes that all ECN resources
are homogeneous, and it allows each ECN to serve only one
request, which does not apply to real application scenarios.
In contrast, [30] studies the problem of stimulating mobile
device clouds to compete for mobile users’ computation
tasks. Essentially, it is a crowdsourcing-based task allocation
problem, different from the resource allocation in ECNs. [22]
designs an online auction mechanism for virtual cluster pro-
visioning in geo-distributed clouds, which is modeled as an
online combinational knapsack problem. This also differs
from our VM allocation problem in distributed ECNs.

In this paper, we propose an Auction-based VM resource
Allocation (AVA) mechanism to solve the problem of mobile
users with deadline-sensitive tasks competing for VM
resources in heterogeneous geo-distributed ECNs. In the
AVA mechanism, mobile users and ECNs (including CC)
are seen as the buyers and sellers of VM resource auction,
respectively. The capacities of VM resources in ECNs are
seen as heterogeneous knapsacks. Then, the VM resource
allocation is modeled as an n-to-one weighted bipartite graph
matching problem with 0-1 knapsack constraints, unlike existing
cloud auction problems such as [22], [23], [34]. Since the
problem is NP-hard, we adopt a greedy strategy to deter-
mine the winners of the auction so that the AVA mechanism
can achieve a near-optimal social welfare performance.

More specifically, our major contributions are summa-
rized as follows:

e We formalize the competitive VM resource allocation
problem for deadline-sensitive tasks in a three-layer
edge cloud structure and propose the Auction-based
VM resource Allocation (AVA) mechanism, which
mainly consists of a greedy winning bid selection
algorithm and a payment determination algorithm.

e We prove that the winning bid selection problem of
AVA is NP-hard. We first remove the deadline con-
straints, and then transform the three-layer edge
cloud structure into a two-layer one. Based on this,
we propose a greedy winning bid selection algo-
rithm and further analyze its approximation ratio.

e We also design a truthful payment determination
algorithm. Then, we prove that the AVA mechanism
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Fig. 2. The auction model for distributed edge cloud.

has the properties of truthfulness, individual ratio-
nality, and computational efficiency.

e We conduct extensive simulations on real traces to
evaluate the performances of the proposed AVA mech-
anism. The results show that AVA not only achieves
better social welfare performances than the compared
algorithms, but also guarantees truthfulness, individ-
ual rationality, and computational efficiency.

The remainder of the paper is organized as follows. We
first describe the auction model and problem formulation in
Section 2. Then, we present the design of our mechanism and
the theoretical analysis in Sections 3 and 4, respectively. In
Section 5, we evaluate the performances of our mechanism
through extensive simulations. After reviewing the related
works in Section 6, we conclude the paper in Section 7.

2 MoDEL & PROBLEM FORMULATION

2.1 Model

Consider that some cloud service providers have deployed
many ECNs and are willing to sell the extra VM resources
in their ECNs. These ECNs connect to the remote CC via
core network. On the other hand, a lot of mobile users wish
to execute some deadline-sensitive cloud computing appli-
cations, but they cannot afford to deploy their own ECNs.
In order to address such a problem with a low cost, these
users can rent the VM resources of ECNs from cloud service
providers. Different from the traditional distributed cloud
computing scenario, ECNs can upload part of the allocated
tasks to the CC if the required VM resources of tasks exceed
the capacity of ECNs. However, this will inevitably incur a
long transmission delay.

In this paper, we design a mechanism to support the
trade of VM resources between cloud service providers and
mobile users. In order to successfully run this mechanism,
we first build a platform, which also acts as the auctioneer.
The platform continuously receives deadline-sensitive com-
puting requests from mobile users and collects ECNs’ state
information from the cloud service providers. Based on this,
the platform makes the decision to allocate the deadline-
sensitive computing tasks via auction. The auction is con-
ducted periodically. The ECNs and mobile users are seen as
the VM resource sellers and buyers, respectively. If a mobile
user applies for VM resources that cover more than one auc-
tion cycle, it will submit multiple requests. Additionally,
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since the allocated VM resources will be solely occupied by
the winning mobile users in each auction cycle, the execu-
tion time of a cloud computing task in the ECNs and in the
centralized cloud is identical. Thus, we only consider the
transmission delay in this paper.

Since the VM resource capacity of each ECN is limited,
multiple mobile users might compete for the same ECN
simultaneously. If a user does not win the most preferred
ECN during the auction, it will be assigned to other ECNs.
In this way, as many mobile users’ requests as possible can
be met. If the required VM resources of the allocated tasks
exceed the capacity of an ECN, this ECN might upload part
of the tasks to the CC, while guaranteeing that the transmis-
sion delay of each task is less than its deadline.

More specifically, the interactions between mobile users
and ECNs via the platform in each round of auction, which
is illustrated in Fig. 2, are presented as follows:

1) When a mobile user wishes to rent VM resources to
run its deadline-sensitive cloud computing applica-
tions, it first generates a request and then submits
the request to the platform. The request is composed
of the user’s maximum tolerable latency (i.e., dead-
line), the amount of required VM resources and the
amount of input data. We use r; = {T;, A;,I;} to
denote the ith mobile user’s request, where 7, A;
and I; mean the deadline, the total VM resources
and the amount of input data. Moreover, the set of
all requests is denoted by R.

2)  The platform will periodically collect the state infor-
mation of each ECN, and then publicize it to the
mobile users who submit requests. The state infor-
mation includes several main parameters: VM
resource capacity, bandwidths, unit cost of renting
VM resources and unit cost of transmitting data to
the CC. Here, the bandwidths of an ECN contain the
bandwidth linked with the CC and the bandwidth
associated with mobile users. We use s; = {L;, c}, ,
b}, b]l} to denote the state information of the jth ECN
where L; denotes the VM resource capacity of ECN
5. ¢ and ¢ denote the unit cost of VM resources and
the unit cost of transmitting data to the CC, respec-
tively. b\ means the bandwidth between s; and the
CC, while bﬁ indicates the bandwidth between s; and
the mobile users. The set of all ECNs is denoted by
S. Furthermore, we let ¢ denote the unit cost of VM
resources in the CC. Here, ¢{j is much less than cf (for
Vs I c S)

3) Then, the mobile user values differently to the ECNs
according to the state information. At the same time,
the mobile user determines a bid for each ECN. For
each request r;, we use b;; and v;; to denote the bid
and valuation of ith mobile user to the jth ECN,
respectively. The set of all bids is denoted by 5. The
mobile users will send their bids to the platform.

Remarks. b;; here is the reward that the ith user claims to
pay for renting the VM resources on the jth ECN (i.e., s;),
while v;; is the true valuation that the ith user evaluates if
it runs its application on s;. The valuation v;; is actually
known to nobody except r; itself. The value b;; is not nec-
essarily equal to v;;, since the user might manipulate the
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claimed reward. Such strategic manipulation might cause
the platform and the ECNs to get less reward. Thus, the
whole mechanism needs to ensure that each mobile user
will not manipulate its bids, i.e., truthfulness.

4) Based on the received bids and requests from
mobile users, the platform determines the winners
of the auction, makes the scheduling decision for the
winners, and computes the corresponding payments.

Remarks. Each request will be assigned to at most one
ECN, and each ECN can serve multiple requests under
the capacity and deadline constraints. The scheduling
decision for the winning bid means that the winning task
will be first uploaded to an ECN, and then the ECN either
completes the task by itself or uploads the task to the CC.

5) Mobile users upload the input data to the ECNs to
run their cloud computing applications, and then
pay the corresponding rewards. According to the
scheduling decisions for winning bids, ECNs
decide to upload some tasks to the CC and pay
the CC.

In this paper, we let a request correspond to only one
deadline-sensitive cloud computing application. For sim-
plicity, we suppose that each mobile user only submits one
request in each round of auction. Actually, if a user wants to
submit more than one request for multiple computing appli-
cations, we can use multiple virtual users, each of whom has
only one request, to replace this mobile user. Additionally,
we use d;; to denote the transmission delay between the
request r; and the ECN s;, which is calculated as follows:

L .
[ (ri - sj)
dij=1<, | (1)
L (ri — s; — CO),
J J

where r; — s; means the request r; is allocated to the ECN s;
and is completed by s; itself, while r; — s; — CC' indicates
that the request 7; is allocated to s; and then is uploaded to
the CC by s;. Moreover, we suppose that I; here is the
amount of the input data plus the output data. That is, d;;
here has included the transmission delay of downloading
output data from ECNs or CC to mobile users.

2.2 Problem Formulation

The above auction model involves two main problems: the
Winning Bid Selection (WBS) problem and the Payment Deter-
mination (PD) problem.

Considering the set of requests, R, the set of ECNs, S and
the set of all bids, B, we formalize the WBS problem as fol-
lows. First, we let ® denote a solution to the WBS problem,
called the winning bid set, which is composed of the bids
that win the auction. Moreover, we use ®F and d° to
denote the winning bid scheduling solution. A bid b;; € ®*
means that the request r; will be assigned to the ECN S and
be completed by s; itself (i.e., r; — s;), while b;; € ®° indi-
cates that r; will be uploaded to the CC through s; (ie.,
i — s; — CC). Moreover, due to ®¥ N ®Y = ¢, we get =
o U D°.
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Second, we give the definition of social welfare, which is
the optimization objective of the WBS problem.

Definition 1 [Social Welfarel. The social welfare is the total
valuations of the winning bids minus the total costs, i.e.,
Zb,jJECDE(vU —A; - C}) + Zbijeﬁbc (Uij —A; - (CT} + CS)), where
Aj - ¢} denotes the cost of s; conducting request r; while
A; - (¢} + cj) means the cost of transmitting r; to the CC and
the CC conducting r;.

Based on this, we formalize the WBS problem as follows.

maxZ(vU* i c) )+ Z Vij —

@+ea) O

b €d bije@”

st. PN’ =g, (69)
PPUPC =D C B 4)
Y 1<1, VreR (5)

Jibjje®
Z A <Lj, Vs; €8 (6)

i:b,ijCI)E
d“ < TL', V’f’i cR. (7)

Remarks. Here, Eq. (3) means that a request cannot be com-
pleted by ECNs and the CC simultaneously; Eq. (4) indi-
cates that a solution to the WBS problem, which is a
subset of the bid set, consists of two winning bid schedul-
ing sets (e, ®” and ®); Eq. (5) points out that each
request is assigned to at most one ECN; Eq. (6) shows that
the VM resource capacity of each ECN should be satis-
fied; Eq. (7) denotes that the transmission delay of each
request should be less than its deadline.

Moreover, since our auction mechanism is truthful, we
can use each bid to replace the corresponding true valua-
tion, i.e., v;; = b;;, in Eq. 2. We will prove the truthfulness in
Section 4 to ensure the correctness of v;; = b;;. Thus, the
optimization objective of the WBS problem is equivalent to
maximizing 37, e (bij — Ai - ¢)) + 35, e (bij — A - (c+
). Addltlonally, we can assume b;; — A; - ¢; >0 and bij—
A; - (c, +¢}) >0 for Vr; € R and Vs; € S. Actually, if a bid
b;; cannot cover the cost A, - ¢ or A; - (C; + ¢f), the platform
will directly delete the bid.

Next, the PD problem is to determine the payment for
each winning bid so that the whole auction model satisfies
the truthfulness and individual rationality, which are
defined as follows:

Definition 2 [Truthfulness]. [10], [20], [30], [35], [38] For
each winning bid b;;, we let p;;(b;;) denote the corresponding
payment determined by the payment computation algorithm of
an auction mechanism. Then, the ith user’s payoffs for the
truthful bid and the untruthful bid are vy — p;j(vi;) and
v;j — pij(bi;), respectively. The truthful mechanism means that

vij = pij(vij) = vij — pij(bij)- ®

The truthfulness of the auction mechanism can ensure

that each user reports its true valuation, since an untruthful
bid will lead to a worse payoff.
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TABLE 1
Description of Major Notations
Notations Description
ECN and CC the abbreviations of Edge Cloud Node and

Centralized Cloud, respectively.

the indexes for users (i.e., requests) and ECNs,

respectively.

the deadline, the required VM resource and the

amount of input data of the ith request.

={L;, ¢} 2 c 2 b]T, bi}the capacity, the gnit cost of rentipg VM
resources, the unit cost of transmitting data to the
CC, the bandwidth linked with the CC, and the

bandwidth associated with users of the jth ECN.

iand j (e, 7;
and s;)
ri ={Ti, Ai, Ii}

bij, vij the claimed bid and true valuation of r; for s;,
respectively.

R,Sand B the sets of all requests, all ECNs and all bids,
respectively.

cy the unit cost of renting VM resources in the CC.

dyj the transmission delay between r; and s;.

TP — 5 r; will be allocated to s; and be completed by s;
itself.

ri = s; — CC r; will be uploaded to the CC through s; and be
completed by the CC.

P a solution to the WBS problem (a winning bid

set).

®F and ®° the winning bid scheduling solution: b;; € ®*
means 7; — s;j, while b;; € @ indicates
ri — s; — CC.

Sand B the sets of virtual ECNs and virtual bids,

N N respectively.

Sand B the sets of ECNs and bids including virtual ECNs
and bids (i.e, S = SUSand B = BUB),
respectively.

pij(bij) the payment of r; for s; based on the bid b;;.

G, € and (r;, s;) a bipartite graph, the set of edges and the index

for an edge, respectively.

Definition 3 [Individual Rationality]. [15], [16], [23], [36],
[37] In order to guarantee that each winning mobile user can
receive a nonnegative payoff, the payment of one mobile user
should be no more than its corresponding valuation, that is,
Vij > pij(bij), Vr; € R and VS]' € S.

Here, each mobile user’s true valuation must cover its
corresponding payment. Otherwise, it is not motivated to
participate in the edge cloud computing.

In addition, we define the computational efficiency of an
auction mechanism as follows.

Definition 4 [Computational Efficiencyl. [7], [19], [34],
[40], [41] An auction mechanism has the property of computa-
tional efficiency, if it can be conducted in polynomial time.

Since an auction cycle is not large, the winning bid set
and the corresponding payment must be output in near-real
time. In reality, an algorithm with computational efficiency
is more important than an optimal algorithm with a high
computational complexity.

For ease of reference, we summarize the commonly used
notations throughout the paper in Table 1.

3 DESIGN OF THE AVA MECHANISM

In this section, we propose an Auction-based VM resource
Allocation (AVA) mechanism for deadline-sensitive com-
puting tasks in geo-distributed edge clouds. The AVA
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mechanism mainly consists of a Winning Bid Selection
(WBS) algorithm and a Payment Determination (PD) algo-
rithm. We first analyze the NP-hardness of the WBS prob-
lem, and then, we design a greedy winning bid selection
algorithm and a truthful payment determination algorithm
to solve the WBS and PD problems, respectively.

3.1 Problem Hardness Analysis

First, we prove that the WBS problem cannot be solved in
polynomial time unless P = NP. More specifically, we have
the following theorem:

Theorem 1. The WBS problem is NP-hard.

Proof. We first consider a special case of the WBS problem,
where the ECNs cannot upload tasks to the CC, the num-
ber of ECNs 1s equal to 1, and at the same time we let
T; > diy = I /b} for Vr; e R. Then, the special WBS prob-
lem is formahzed as “maximize: ), _or(vii — A+ ¢f),

subject to: Zi:bﬂeq,g A; < Ly forVr; e R, ®F C B.”

Now, we introduce the trivial 0-1 knapsack prob-
lem [28]: “maximize: ) w;-x;, subject to: Y., v;
z; < C, x; € {0,1}.” Here, w; and v; denote the weight
and volume of the ith item, and C means the capacity of
the knapsack.

By mapping C, w; and v; in the trivial 0-1 knapsack
problem to L;, v;; — A; - ¢ and A; in the special WBS
problem, we get the two problems to be equivalent. That
is to say, the special case of the WBS problem is a trivial
0-1 knapsack problem, which is NP-hard. Thus, the more
general WBS problem is at least NP-hard. ]

3.2 Winning Bid Selection: Basic Solution

The WBS problem is how to select the winning bid set, so
that we can maximize the social welfare, while ensuring
that the deadline constraints of requests and the capacity
constraints of ECNs can be satisfied simultaneously. Since
the WBS problem has both deadline constraints and capac-
ity constraints, we divide our solution into two phases. We
take the deadline and capacity constraints into consider-
ation in the two phases, respectively.

First Phase. We focus on removmg the deadline con-
straints of requests. First, we use dj; = I;/b; bt and & =
1;/b; b+ I i/b; b! to denote the transmission delay of uploadmg
i to s; and the transmission delay of uploading r; to the CC
through s;, respectively. Apparently, we have d7; > d;. For
simplicity, we call dj; and @, the good and bad transmission
delay, respectively. Second according to the relationships
of T}, d}] and d%], we update the bid set B and the ECN set S.
That is, we will remove the bids which cannot satisfy the
deadline constraints, and add some virtual bids and ECNs
if the deadline is larger than the bad transmission delay.
More specifically, we have the three following cases:

e Case 1: if the deadline of r; is less than the good
transmission delay, ie., T; < dj;, we will directly
delete the bid b;; from the bid set B. This is because
that the bid b;; cannot satisfy the deadline constraint.

e Case 2: if T; is less than the bad transmission delay
but no less than the good transmission delay, i.e.,

di; <T; < d;, we will take no action.
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e Case 3: if T; is no less than the bad transmission
delay, ie., T; > d2, ", we will create a virtual ECN s,-*
and a V1rtual bid bL]*, where s;. = {L;. = A;,c],
i+, = bT = b =0} and the value of b, is
equal to that of bij. Here, the procedure of generating
virtual ECNs and bids means removing the CC from
the edge cloud computing scenario and transforming
a three-layer edge cloud structure into a two-layer
structure. We use S and B to denote the virtual ECN
and bid sets, respectively. Then, we will add the vir-
tual ECN s;, and the virtual bid b;;, into S and B,
respectively.

Second Phase. We concentrate on the WBS problem with
the capacity constraints. We first model the winning bid
selection as an n-to-one weighted bipartite graph matching
problem with 0-1 knapsack constraints. Since the problem is
NP-hard due to the capacity constraints, we adopt a greedy
strategy to determine a maximum matching, which has the
app/l:oxima/t\ely maximum weight in total. For simplicity, we
let S and B denote the updated ECN and bid sets which
contain the virtual ECNs and bids, respectively. That is,
S =S8US and B = BUB. Then, the winning bids are deter-
mined as follows.

First, we construct the weighted bipartite graph with
capacity constraints, denoted as G = {R, S, & : B}, where R
and § are two separate vertex sets, and £ refers to the edge
set between R and S. We let (r;,s;) € £ denote the edge
between r; and s; for convenience. Here, each bid b;; € B cor-
responds to an edge (ri,s;). For each vertex r; € R, the
required VM resources A; is seen as the volume of item in
the trivial 0-1 knapsack, while for each vertex s; € S, the VM
resource capacity L; is seen as the capacity of the knapsack.
Moreover, each edge (14, s;) corresponds to a weight, which
is defined as the social welfare per unit VM resource. Let w;;
denote the weight of the edge (r;, s;) € £. Then, we have

by,
wl‘]’ = ——=C

A, for Y(r;,s;) € E. 9

Based on the weighted bipartite graph G, we can simplify
and re-formalize the WBS problem. After removing the CC
and adding some virtual ECNs and bids, the three-layer
edge cloud structure is changed into a two-layer structure.
For the two-layer edge cloud structure, each request can
only be allocated to one ECN. So we get the winning bid set
®° = ¢, and further have ® = ®F, Accordingly, we re-for-
malize the WBS problem:

max Z (b — A, - c]b) (10)
bl‘]‘E(I’
st.  ®CB, 11
Y 1<l VreR (12)
j:bije(b
Z A < Lj, VS]' S 3 (13)

i:bj; €P

Second, after constructing the weighted bipartite graph
with the capacity constraints, we greedily select some edges
to form a maximum matching of G with the approximately
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maximum weight. More specifically, in each round, we select
the edge with the largest weight. Without loss of generality,
let this edge be (r;, s;). Now, we have the two following cases.

(1) A; < Lj: This means that the remaining capacity L;
of ECN s; is not less than the amount of resources
A;. Then, we add the corresponding bid b;; into the
assignment solution ®. Moreover, we directly
remove the request vertex r; from R and delete all
edges relevant to r; from £ in G. We also update the
value of L; by subtracting A; for the vertex s;.

(2) A, > L;: We directly delete the edge (r;, s;) from &
and continue to find the edge with the next largest
weight.

Note that when an edge is deleted from the bipartite
graph, the related weight is also deleted. This selection pro-
cess is repeatedly conducted until R, S, or £ becomes an
empty set. Finally, we get an assignment solution ®. If
b;; € @, it indicates that the bid b;; wins and the request r; is
assigned to the ECN s;.

Algorithm 1. Preprocessing Algorithm

Require: R, S, B, c.
Ensure: S, B, S, and B.
1: Initialize S = B = ¢;
2: forr; € R do
for sJ € Sdo
= J/bf & = I,/b; + I, /b);
1f E < d then
Remove bi; from B, ie., B= B — {b;};
elseif dj; <T; < d?j then
Continue; //Case 2;
else if d}; < T; then
Generate a virtual ECN s,*, S = S +{s;n};
//sj ={Lj = Al,c]* c] +cj,c j* = bl = b1 =0};
11: Generate a virtual bid b;j., B =B + {b,7*}
:S=8US and B= BUB;
13. return S, B, Sand B,

@

1

After getting the winning bid set ®, we then make sched-
uling decisions for each bid b;; € ®. That is, for a winning
bid b;;, we either let s; complete the task r; or upload r; to
the CC through s;, i.e., we need to determine the winning
bid scheduling sets ®* and ®°.

3.3 Winning Bid Selection: Detailed Algorithm

Based on the above solution, we first design a Preprocessing
Algorithm, as shown in Algorithm 1, to remove the deadline
constraints. By deleting some bids and adding some virtual
bids and ECNs, Algorithm 1 will update the ECN set and
the bid set. More specifically, In Step 1, we initialize the vir-
tual ECN and bid sets (i.e., S and B). In Steps 2-4, the good
and bad transmission delay (i.e., d1 and dQJ) are Calculated
According to the relationships among T, d1 and dfj
remove some bids that cannot sat1sfy the deadline con-
straints in Steps 5-6. In Steps 7-8, if dj; < T; < d;;, we take
no action. If d7; < T;, we first generate a virtual ECN s and
a virtual bid b,]*, and then add them into S and B, respec-
tively, in Steps 9-11. In Step 12, we get the updated ECN set
S and the updated bid set B. At last, Algorithm 1 outputs S,
B, S and B in Step 13..
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Next, we construct a weighted bipartite graph with
capacity constraints G = {R,S,€ : B}. Based on this, we
design a greedy Winning Bid Selection (WBS) algorithm, as
shown in Algorithm 2. First, we initialize the assignment
solution in Step 1. Then, we conduct the greedy winning
bid selection procedure in Steps 2-9. More specifically, in
Step 3, the edge (e.g., (r;,s;)) with the largest weight (i.e.,
w;) is selected. Then, we compare the remaining capacity
L; of s; with the amount of VM resources A; in Step 4. If
A; < Lj, the assignment solution is expanded in Step 5, i.e.,
® = ® + {b;;}. In Steps 6-7, all edges related to the vertex r;
in G are deleted, and the vertex mark L; is updated by sub-
tracting A;. If A; > L;, Algorithm 2 directly removes (r;, s;)
from € in G and continues to conduct the selection proce-
dure in Steps 8-9. When R, S, or € becomes an empty set,
Algorithm 2 terminates and outputs ® in Step 10.

Algorithm 2. Winning Bid Selection (WBS) Algorithm

Require: G = {R.8,€:B}.
Ensure: ®.
1: Initialize ® = ¢;
2: while R #¢pand S # ¢pand € # ¢ in G do
3:  Select the edge with largest weight, denoted as (r;, s;);
5 Add bij into ®,ie, ® = + {b”},
6 Remove r; from R and delete all edges related to r;;
7: Update L; < L; — A; for the vertex s; in (r;, s;);
8
9
0

else
Remove (r;, s;) from € and continue;
10: return ®;

We can straightforwardly demonstrate the correctness of
Algorithm 2 in the following theorem:

Theorem 2. Algorithm 2 is correct, that is, it will terminate for
sure and produce a feasible assignment solution.

Proof. Since only one edge in £ is selected at each round
where £ is a limited set, Algorithm 2 will terminate for
sure. Moreover, when a bid b;; is added into the solution
®, r; will be removed from R and the vertex mark L; of s;
is minus A;. Based on this, the constraints of Egs. (5) and
(6) in the formalized WBS problem can be satistied. Thus,
the produced solution must be feasible. ]

Algorithm 3. Winning Bid Scheduling Algorithm

Require: ® and S.

Ensure: ®” and ®°.

1: Initialize ®F = ®¢ = @;

2: for b;; € ® (corresponding to (r;, s;)) do
3: ifs; € Sthen

4 0=+ (b}
5: else
6

7

: return ®F and ®°;

Besides, we design a winning bid scheduling algorithm,
as shown in Algorithm 3. According to the winning bid set
® and the virtual ECN set S, Algorithm 3 can determine the
winning bid scheduling sets ®* and ®. In Step 1, we ini-
tialize ®” and ®°. Then, for each winning bid b;; € ®, we
determine if the corresponding ECN s; belongs to the
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virtual ECN set S: if yes, we add b;; into CIDC; otherwise, we
add b;; into ®”, in Steps 2-6. At last, Algorithm 3 outputs
the winning bid scheduling sets ®* and ®¢, in Step 7.

3.4 Payment Determination: Basic Solution

The truthful payment determination computes the payment
for each winning bid, ensuring that each user honestly
reports its true valuation for its cloud service request. In
this paper, we adopt the rule of critical payment introduced
by Myerson [19] to determine the payment for each winning
bid. The critical payment is defined as follows.

Definition 5 [Critical Payment]. The payment for bid b,
denoted as p”(bl ), is said to be critical value if the user declares
a bid that is not smaller than p;;(b;;), the submitted bid must
win; otherwise, it will not win.

According to Definition 5, in order to determine the criti-
cal payment for bid b;;, we first need to determine the alter-
native bid of b;;. Here, the alternative bid of a winning bid
bij is such a bid that will replace b;; to become a winning bid
when we remove b;; from B. More specifically, we first
remove the corresponding edge (r;, s;) from £ in G to get a
new weighted bipartite graph without b;;. For convenience,
we use £_;; and G_;; to denote the edge set and the new
bipartite graph without the edge (r;, s;), that is, G_;; = {R,
S,E.j: B—{b;;}}. According to G_;;, we re-select a new
winning bid set using Algorithm 2 and let ®_;; denote the
new assignment solution. Here, the alternative bid of b;;
must belong to ®_;;. Accordingly, we have two cases: the
request r; is assigned to another ECN sy, or the ECN s; has
accepted some requests so that it has no enough remaining
capacity to provide cloud service for request ;. For the
alternative bid of b;; in ®_;;, we assume that bid b;; is the
winner related to r;, and b;, , b, ;, - . . , b;,; are the winners rel-
evant to s;, respectively. The corresponding weights are w;
and wj j, Wiy, - .., w; ;. Note that b;y for the first case is
exactly a candidate alternative bid of b;;. For the second
case, we can find the critical weight for the ECN s, denoted
as w;, ; ; for convenience. That is, we have

ming wi, j, Wiyjy - - -

7'w’i,(j : L/ — Z AL, 2 Ai

Wi, jZ Wi,

Wipping =

(14)

Here, L; — Zu;] sy Aie = Ai indicates that s; always
selects the requests ‘with relatlvely large weights until it has
no enough remaining capacity for request ;. Accordingly,
the bid b; , ; is exactly another candidate alternative bid of
bij. Moreover, if w;y > w; ; ;, b;y will become the alternative
bid of b;;. Otherwise, if w;y < wj,, j, the alternative bid of

bij will be bim,m]"
Thus, the critical payment p;;(b;;) is determined by:
pij(bij) = Ai - (¢} + max{w;y, wi,,,;})- (15)

Remarks. We do not distinguish the virtual bids from the
winning bids at first. In fact, whether a winning bid is vir-
tual or real is irrelevant to the payment determination
process. For a virtual winning bid b;;. € ® in which
sjx €S, the mobile user r; will pay the ECN s; with the
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Fig. 3. An illustration of removing deadline constraints and calculating
edge weights based on bids.

reward p;j.(bij«) where sj. is the virtualization of s; (i.e.,
sj = {Lj. = A, c c—i—c07 ]’*—bT—bl =0}).

(2l ]*

Algorithm 4. Payment Determination (PD) Algorithm

Require: G = {R,S’,E : IA3}, ® = ¥ U d° and B.
Ensure: P = {p;;(bi;)|b;; € P}.
1: foreach b;; € ® do
2: Eyj=E&—{(ri,s))}and G_j; = {R, S, E_ij: B—{bi}};
3:  Execute Algorlthm 2: ®_;; = WBS(G_jj);
4:  Determine w;,, j = min{w; j, wi,j, ..., wi; € P_jj : Lj—
Zuiu'ZuW A’i: > A }
pij(bij) = A; - (¢ 4+ max{wiy, wi,,}); // by € P_i;
if bij € B then
7: User r; pays the ECN s, with the reward p;;(b;;);
//s; here is the V1rtuahzat10n of s, i.e.,

SARSL

//sj={Lj=A4;c! & —c +co,c —b.T—bL =0};
8: else
9: User r; pays the ECN s; with the reward p;;(b;;);

// sjhereis areal ECN.
10: return P;

3.5 Payment Determination: Detailed Algorithm
Based on the above method, the payment determination
algorithm is shown in Algorithm 4. For each winning bid b;;
in the original solution ® (i.e., b;; € @), we first re-construct
a new bipartite graph G_;; without b;; in Step 2. Then, we
execute the greedy WBS algorithm based on the input G_;;
and get a new assignment solution ®_;; in Step 3. Here, we
use the form “Output = WBS(Input)” to denote the execu-
tion of the WBS algorithm for convenience. In Step 4, we
determine the critical weight for the ECN s, ie., w;, , j
according to Eq. (14). In Step 5, the critical payment for the
bid b;; is determined according to Eq. (15). If b;; is a virtual
bid, we identify the ECN which will obtain the payment in
Steps 6-7. That is to say, the real ECN s;, where s; is the vir-
tualization of sj,, ie., s; = {L; = A;, ¢} =), +c0,c] = bT
bl = 0}, will get the payment p;;(b;;). Otherw1se when bw is
a real bid, i.e., b;; € B, the real ECN s; will naturally obtain
the payment p;;(b;;) in Steps 8-9. After computing the critical
payments for all winning bids in @, the algorithm termi-
nates and outputs the results in Step 10.

3.6 A Walk-Through Example

To better understand Algorithms 1, 2, 3, and 4, we present an
example to show the procedure, in which 6 users request
cloud services from 2 ECNs. That is, § = {s1,$2} and R =
{ri,ro,r3,74,75,76}. The detailed parameter values are
shown in Fig. 3a. Based on Algorithm 1, we can calculate the
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Fig. 4. lllustrations of the execution of the WBS and PD algorithms.

transmission delay, which is shown in Fig. 3b. Since
Ty < di; and Ty < df,, we delete the bids bg and bg, from B
directly. Then, we display the updated bid set in Fig. 3c.
Before conducting Algorithm 2, we first compute the weights
of all edges. The results are shown in Fig. 3d. Afterwards,
Fig. 4a displays the bipartite graph, including the edge
weights, the amount of VM resources for each request, and
the capacity constraints of ECNs. Based on Fig. 4a, the greedy
WBS algorithm (i.e., Algorithm 2) is conducted as follows.

In the first round, ® = ¢. Algorithm 2 selects the edge
with the largest weight, that is, (r1, s2). Because of A; < Lo,
we add by, into ®. After removing r; and its corresponding
edges, we update the remaining capacity of s, i.e., Ly <

— Ay = 1. In the second round, ® = {b15}. The largest
weight in the new graph is wy = ws; = 8. Because of
Ay =3 > Ly =2, we add b5 into ®. Similarly, we remove
r5 and update Ly < Ly — A; = 5. In the third round, we
select b3, and get L; = 0. Now, no bids can be added into ®
due to A; > L; for each remaining vertex r;, and Algo-
rithm 2 outputs ® = {bis, bs1, b3 } in Fig. 4b.

Due to no virtual bids in the example, we get ® = ®F
by conducting Algorithm 3. Next, we describe the proce-
dure of the truthful payment determination algorithm (i.e.,
Algorithm 4).

First, for bid b12, we remove (rq, s9) from G. After execut-
ing Algorithm 2 based on G_i5, we get a new solution:
®_15 = {by9, bs1,b31,b42}. Then, we determine the critical
weight for ECN s, (i.e., selecting w;, , o from {ws, wi}).
According to Eq. (14), we get w; , 2 = ws. Thus, we get
pr2(bi2) = Aq - (€5 + max{0,wq }) = 44 according to Eq. (15).
Second, for bid bs;, we execute Algorithm 2 according to the
new graph without the edge (rs,s1) and get ®_5 = {byo,
b3, bse}. Likewise, we have w; , 1 = w3, and further get
p51(b51) = A5 . (611) + max{w52, 'w;;l}) =9. In the same way,
for the bid b3, we can also obtain ®_3; = {b12, bs1, bo1, byy }-
After determining the critical weight for s; according to
Eq. (14), i.e., w;,, 1 = w1, we compute the corresponding
payment, i.e., p31 (631) =A;- (Czl + max{O,wgl}) = 30. The
determined payments are shown in Fig. 4b.

We can find that requests 73 and 75 are assigned to ECN
s; and r; is assigned to sy, respectively. Due to ® = dF,
none of the requests will be uploaded to the CC. Moreover,
we find that the payment of each winning bid is no larger
than its true valuation.

4 THEORETICAL ANALYSIS

In this section, we present the theoretical analysis, showing
that the AVA mechanism is truthful, individually rational,
and computationally efficient. Also, we analyze the approxi-
mation ratio of the greedy WBS algorithm.
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4.1 Truthfulness

To demonstrate that the AVA mechanism is truthful, we
need to reveal that each user will honestly submit its real
valuation when the strategies of other users are given.
According to Myerson’s theorem [19], our AVA mechanism
is truthful if and only if the following two conditions hold:
(1) the winning bid selection algorithm (i.e., allocation rule)
is monotonic, and (2) each winning bid is paid the critical pay-
ment as introduced in Definition 5.

Lemma 1. The WBS algorithm is monotonic. More specially, for
each bid by, if b wins according to the WBS algorithm, then
bi; = bij + 6 will also win, where 6 > 0.

Proof. For an arbitrary request r; € R and ECN s; € S, if the
bid b;; wins, then a larger bid b}; > b;; must win according
to the greedy strategy used in Algorithm 2. ]

Lemma 2. Each winning bid is paid the critical payment.

Proof. For an arbitrary winning bid b;;, we assume that in
®_;;, r; is assigned to another ECN s; (i.e., ;7 wins in
®_;;), and s; connects to other users (i.e., the bid set
{bi,, binj, - - -, bi; € P_i;} wins). Then, the critical payment
of bid b;; is determined by p;;(b;;)/A4; — ¢ = max{wy,
w;,. i} according to Egs. (14) and (15). Here if user r;
claims a higher bid b > p;j(b;) for ECN sj, then
b/A; — ¢ > wyy and b/A; — ¢ > w;,,,; hold. Thus, the
claimed bid b will be selected prior to b,y and b, ;
according to the greedy strategy of Algorithm 2. If
b < pij(bi;), we have three sub-cases: (1) b/A; — cj <wiy
and b/A —c < Wiy (2 wyy <b/A; — ¢ <wj,,.;; and
3w, < b/A - c] < wgy. Based on this, the following
conclusion holds in all three sub-cases: r; is assigned to s;
or s; corresponds to {r,ri,,...,7i|bi; € P_;;} where
r; # 1. Note that when b; . ; is replaced by b;;, the capac-
ity constraint of s; is still satisfied according to Eq. (14).
This means that b; , ; is actually the alternative bid for b;;
when max{w;;,w;,, i} = w;, . ;. Thus, in this case, bid b;;
will lose the auction. This means that p;;(b;;) = 4; - (cj+
max{w,;,w;, ., i}) is the critical payment exactly. The
lemma holds. O

After proving the monotonicity of WBS algorithm and
the critical payment for winning bids in the above lemmas,
we get that the proposed AVA mechanism satisfies
Myerson’s theory [19]. Therefore, we can directly prove the
truthfulness of the AVA mechanism as follows.

Theorem 3. The proposed auction mechanism is truthful.

Proof. Based on Lemmas 1 and 2, the theorem holds. O

4.2 Individual Rationality

The individual rationality means that mobile user’s true val-
uation must cover its corresponding payment according to
Definition 3. Thus, we just need to prove that each winning
user will receive a nonnegative payoff in the AVA mecha-
nism. As a result, we have the following theorem.

Theorem 4. The AV A mechanism is individually rational.

Proof. In the AVA mechanism, if a user does not win the
cloud service from the ECNs, its payoff is zero. Other-
wise, if 7; wins the cloud service from s; with the bid b;;,
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its corresponding payoff is v;; — p;;(b;;) according to Defi-
nition 2. We suppose p;;(bi;) = 4; - (¢} + max{wij/, Wi,nit)
where Wi, i = min{wilj, Wiy - oy Wij € (137“ i w2
wj,jAi, > A;}. Since b;; is selected prior to by and b; , ; In
®, we have b;;/A; — ¢ = wij > max{w;;, wlmm ;1. That is,
bij > A; - (Cl + Inax{w” ,wimm]}) = pij(bij). Because of the
truthfulness of the mechanism in Theorem 3, we get
b;; = v;;. Hence, we have v;; > p;;(b;;). The theorem is
correct. O

4.3 Computational Efficiency

To prove the computational efficiency of the AVA mecha-
nism, we just need to prove that AVA can be conducted in
polynomial time according to Definition 4.

Theorem 5. The mechanism is computationally efficient.

Proof. First, we determine that the algorithmic procedure
of Algorithm 1 is in polynomial time and that the
computational overhead is O(|R| - |S|), where | - | means
the cardinality of the set. Second, we give the computa-
tional overheads of Algorithm 2 and Algorithm 3, that
is, O(|R” - |S*) and O(|®|), respectively. At last, Algo-
rithm 4 is also in polynomlal tlme and its computational
complexity is O(|®|-|R|*-|S|%). According to Defini-
tion 4, we get that the AVA mechanism is computation-
ally efficient. O

4.4 Approximation Ratio Analysis

The WBS problem is an n-to-one weighted bipartite match-
ing problem with capacity constraints, which is a strongly
NP-hard problem [28]. Algorithm 2, adopting the greedy
selection strategy, can produce an approximate solution.
Here, we adopt the mathematical induction method to ana-
lyze the approximation ratio.

Theorem 6. Algorithm 2 can achieve a (y + 1)-approximation of
the optimal assignment solution, where y = max{L;/A;|r; €
R,s;j € S}. Moreover, (y + 1) is an urgent bound.

Proof. Let ®,,, be the optimal solution of G = {R,S, € : B}.
For the simplicity of the following descriptions, we use
0= o, (b — A )/ Yy by — Ai- ) = ®yu(G)/
®(G) to denote the appr0x1mation ratio, in which we let
®(G) and @, (G) denote our solution and the optimal
solution based on the bipartite graph G, respectively.
Then, we prove o <y+1 by using the mathematical
induction method. Consider that S is given and R changes.

First, when |R| = 1, we directly havee =1 < y + 1.

Second, we assume that o« <y+1 holds when
|R| < m. Then, we consider |R| = m + 1. We here need
to establish a link between |R|=m+1 and |R| < m.
Without loss of generality, we consider by;/A4; — ¢} =
w1 = max{w;|(rs, s;) € £}. Thus, by; must belong to P.
According to this, we analyze the two cases as follows.

(1) b1 also belongs to ®,,.. Then, we get a new bipar-
tite graph G*={R —{r}, S,E— {{r1,s1)} : B—
{b11}} after removing b;; (i.e., the edge (r,s1)).
Because of |[R — {r1}| < m, we have « = ®,,,(G")/
®(G*) < y + 1 according to the inductive assump-
tion, and we further get
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_ Pop(G)
(e

_ (b — Ay - &) + Pype (GF) <
(b1 — Ay - ¢f) + ©(G¥) —

y+ 1. (16)

(2)  by1 does not belong to ®,,,. Here, we assume that
some other bids are selected to access the ECN s,
and let the set @}, = {b;1]bi_€ P, } denote it. For
simplicity, we also use R = {r;|bu € ®,,} to
denote the request set connecting to s;. Moreover,
we suppose that b, is related to r; in ®,,. Based
on this, we form two bipartite sub-graphs,
denoted as G* and G. More specifically, G* is the
sub-graph of G where the request vertices {r}U
R and the corresponding edges are removed, and
the capacity constraints of L; and L are updated
by using L; = L1 — Z”E({”}U%) Ajand Ly = Ly—
Ay, respectively. G* is the sub-graph of G' where
the request vertices {r;} UR and the correspond-
ing edges are removed, and the capacity con-
straint of L; is updated by using L; =L;—

~ A;. Th h *C Gt
Z”'ZE({U}UR) ;- Thus, we have G* C ¢

Here, |R — {r1} — R| < m. Based on the assumption of
mathematical method, we have @, (G*)/P(G") <y + 1.
Since G* C G holds, we get

D, (G*) < (y + D)P(G) < (y +1)D(GT). an

Furthermore, we have

0yyy(G) _ Port(G) + (bay = Av- )+ 300, o, (bir — Ai- )
o (I)(G) o (I)(G+) + (b11 - A1 . Cll))
(r + DG + (bry = Av- ) + 5y e (b = Ai-€f)

<
- CI)(G+) + (bu - A] . Ci)

(18)

Now, according to the foundation of the induction
(e, bii/A; — ¢ = wi = max{w;|(r;,s;) € £}), we can
get

blj/—Al-c}}:wlijl§w11~A1:b11—A1~c§', (19)
and
v L v
Z (bin — Aj - ¢)) < Ly -wpy ZA—'(bn —c - A)
b“e<1>;10t !
(20)
L, v
< max Xlrl eER,s; €Sy (bin —cf-Ar) (21)
1
i]/'(bn —Cf'Al). (22)

According to Egs. (18), (19), (20), (21), and (22), we

have
Pop(G) _ (y + DP(GT) + (L +y) (b — €7 - A1) _ vl
(D(G) - (D(G+) +4 (bll — C'f . Al) '
(23)

Based on the above induction, we conclude that
o < y + 1 holds for all cases.
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In addition, we prove that y + 1 is an urgent bound.
We consider an extreme case in which R = {ry, 7,73},
S = {81,82}, {L1 = L—|—57I//\2 = 2L}, {A] = L+5,A2 =
A3 :L}, C/i' :Cg =c, and B = {bn = (w+c) 'Al,blg =
(w+8+c) “Aq, by = ((S—i— C) - Ay by = (w+c) <Ay, by =
(8+c)- Az,b3a = (w+c) - Az}, where L, w and ¢ denote
three arbitrary positive numbers and § means a positive
number which is infinitely close to zero. Here, we have
y = Lo/ A; = 2. According to the greedy strategy used in
Algorithm 2, we have ® = {by2,bs} and the social wel-
fare is (w+8)(L +8) + & - L. In contrast, we have ®,,, =
{b11,b22,b30} and the corresponding social welfare is
w(L 4 8) + 2wL. In the worst case, the approximation
ratio @ = (3wL + L8)/(wL + ws + 2L§ + &%) is infinitely
close to y +1 = 3. Thus, we conclude that y+ 1 is an
urgent bound.

According to this, the theorem holds. ]

5 PERFORMANCE EVALUATION

In this section, we evaluate the performance of the AVA
mechanism by using extensive trace-driven simulations,
and we compare it with two heuristic algorithms. We con-
duct the simulations on a computer with Intel(R) Core(TM)
i5-3470 CPU @3.2GHz and 8GB RAM under a Windows
platform. Moreover, all simulations are implemented in C/
C++ language.

5.1 Compared Algorithms

In addition to the WBS algorithm for the winner selection
problem in the simulations, we also implement two algo-
rithms for comparison: “Nearest” and “Selfish” [24].
“Nearest” means that the platform always dispatches the
requests with the smallest latency to an ECN under the
capacity constraints. While in “Selfish”, each request only
cares about its own performance, and it expects to be
assigned to the ECNs with the largest true valuations (i.e.,
v;;) under the capacity constraints.

5.2 Simulation Settings

Because real user request data has not been publicly
released by cloud providers yet, we adopt a widely-used
dataset called Grid Workload Archive [1] in our simula-
tions. Similar to the works [20], [34], we select four out of six
available logs in the Grid Workload Archive. More specifi-
cally, these logs are called “DAS-2” (from a research grid at
the Advanced School for Computing and Imaging in
Netherlands), “SHARCNET” (from SHARCNET clusters
installed at several academic institutions in Ontario, Can-
ada), “NorduGrid” (from the NorduGrid system), and
“AuverGrid” (from the AuverGrid system). In Table 2, we
provide a brief description of the used workloads.

In the simulations, we generate a user request by extract-
ing the information of a job from the four log files. For sim-
plicity, we assume that the deadline of all requests can be
met. Thus, we only care about the following parameters: the
VM resource amount requested by each user (i.e., 4;), the
capacity constraints of ECNs (i.e., L;), and the unit cost of
VM resources in ECNs (.e., cj) The amount A; of VM
resources for each request mainly depends on RunTime
(the time each job needs to complete its execution) and
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TABLE 2
Statistics of Workload Logs

Trace Number Number Average number Average RunTime
of jobs  of CPUs of CPUs per job (min)
DAS-2 1,124,772 400 43 6.2
SHARCNET 1,195,242 6,828 15 533
NorduGrid 781,370 2,000 11 1,488
AuverGrid 404,176 475 1 420

ReqNumCPUs (the requested number of CPUs). Here, since
there are no ECNs provided in the four log files, we artifi-
cially generate some ECNs in the simulations, each of which
has a limited resource capacity and a unique unit cost. The
number of ECNs is selected from {10, 20, 30, 40,50}. More-
over, we generate the capacity constraints of the ECNs
based on available CPUs in the four log files. The unit cost
c; is generated from [1,20] randomly. Here, the generation
process is based on the uniform distribution. Moreover, we
directly generate the user bids between 1000 and 10000 for
different ECNs. Since the number of jobs in the files is large,
we use parts of the jobs as the user requests in our simula-
tions, and the number of requests is selected from
{1000, 2000, 3000, 4000, 5000}. In our simulations, the default
numbers of ECNs and requests are 20 and 2000,
respectively.

5.3 Simulation Results
In addition to the total social welfare, we also use the fol-
lowing metrics to evaluate the performance of our AVA
mechanism: truthfulness, individual rationality, computa-
tional efficiency, and successful ratio. Truthfulness is the
property that no request can improve its payoff by submit-
ting a bid different from the real valuation; Individual ratio-
nality is the property that the payoff of each request is non-
negative; Computational efficiency is the property that the
AVA mechanism can be conducted in polynomial time; Suc-
cessful ratio is the ratio of the number of successfully
assigned requests and the number of total requests.
Evaluation of Social Welfare. We first evaluate the perform-
ances of social welfare based on the four log files using the
WBS, Nearest, and Selfish algorithms under the default set-
tings. The results are shown in Fig. 5. We find that the social
welfare obtained by the WBS algorithm is the largest, and
WBS achieves about 126 percent better social welfare than
the Nearest algorithm and about 148 percent better than
Selfish. Then, we evaluate the performance (i.e., social wel-
fare) of the three algorithms when we change the number of
cloud requests based on the four used log files (DAS-2,
SHARCNET, NorduGrid, AuverGrid). We present the
results in Fig. 6. Also, we find that the WBS algorithm
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Fig. 5. Performance comparisons on the social welfare with different files
(the numbers of requests and ECNs are 2000 and 20, respectively).

achieves at least twice the social welfare that the two com-
pared algorithms achieve. Along with the increase in the
number of cloud requests, the total obtained social welfare
of all algorithms increases. In addition, we also evaluate the
social welfare performances of the three algorithms when
we change the number of ECNs based on the four used log
files. The results are shown in Fig. 7. We also get that the
WBS algorithm always outperforms the compared algo-
rithms, along with the increase in the number of ECNs.
These simulations validate our theoretical analysis results.

Evaluation of Truthfulness and Individual Rationality: We
verify the truthfulness of our AVA mechanism by randomly
picking a request and allowing it to submit a bid that is dif-
ferent from its true valuation. Here, the true valuation is
fixed and given, which is equal to the originally submitted
bid. Without loss of generality, we conduct the experiment
based on the workload file “DAS-2". The result is illustrated
in Fig. 8a. We see that the payoff and payment are both zero
when the bid claims a lower value, and they remain
unchanged when the claimed bid is not less than the corre-
sponding true valuation. Moreover, we verify the individ-
ual rationality of the AVA mechanism by comparing the
true valuation of each bid and the corresponding payment
under the default settings. The results are shown in Fig. 8.
We get that the payment of each winning bid is less than its
true valuation. These results are consistent with our theoret-
ical analysis.

Evaluation of Successful Ratio. We also evaluate the suc-
cessful ratio of the three algorithms, as shown in Fig. 9a.
When the number of requests changes from 1000 to 5000,
the successful ratio decreases accordingly. This is because
the number of successfully assigned requests remains
nearly unchanged under the capacity constraints of the
ECNs when the number of total requests increases. More-
over, the WBS algorithm achieves 36 and 40 percent higher
successful ratios than the “Nearest” and “Selfish” algo-
rithms, respectively.
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Fig. 6. Performance comparisons based on four different workload files: total social welfare versus the number of cloud requests.

Authorized licensed use limited to: University of Science & Technology of China. Downloaded on December 18,2021 at 07:11:27 UTC from IEEE Xplore. Restrictions apply.



1738

8.0x10°

IEEE TRANSACTIONS ON SERVICES COMPUTING, VOL. 14, NO. 6, NOVEMBER/DECEMBER 2021

- T T T T 8.0x10°
Fo-wss Fo-WwBs
O~ Nearest O~ Nearest

L Selfish

6.0x10° |4 Selfish

6.0x10°4

4.0x10°

Social Welfare
Social Welfare

4.0x10°
2.0x10° 2.0x10°

A=

8.0x10° 8.0x10°

Fo-wss
[~O— Neares!

£ Selfish 6.0x10°

6.0x10°

Fo-wss | | i i .
O~ Nearest
L Selfish 1
4.0x10° 4 24.0x104 4
32.0x10° 1 &2.0x10° B

Social Welfare
Social Welfare

10 20 40 50 10 20 30 40 50
Number of ECNs

(b) Workload file: SHARCNET

30
Number of ECNs

(a) Workload file: DAS-2

10 20 40 50 10 20 40 50

30
Number of ECNs

(d) Workload file: AuverGrid

30
Number of ECNs

(c) Workload file: NorduGrid

Fig. 7. Performance comparisons based on four different workload files: total social welfare vs. the number of ECNSs.

Evaluation of Computation Efficiency. Finally, we verify the
computational efficiency of the AVA mechanism. Along
with the increase in the number of ECNs and the number of
requests, the running time of the AVA mechanism
increases, as shown in Fig. 9. When the number of ECNs is
50 and the number of requests is 5000, the execution time of
AVA is less than 47s, which is much smaller than the auc-
tion cycle (dozens and hundreds of minutes). This means
that the AVA mechanism can work efficiently in real appli-
cations. These simulation results remain consistent with our
theoretical analysis.

6 RELATED WORK

In this paper, we focus on the auction-based VM allocation
problem for deadline-sensitive tasks in distributed edge
cloud. So far, there has been much research on edge cloud
computing, such as [2], [3], [6], [7], [8], [10], [12], [13], [14],
[15], [16], [17], [20], [21], [22], [23], [24], [25], [29], [30], [31],
[32], [33], [34], [35], [36], [37], [38], [39], [41].

The authors of [20], [36] and [23], [34] presented truthful
auction mechanisms for dynamic resource provisioning and
allocation in cloud computing. The authors of the former
took heterogeneous user demands into account, while the
latter designed combinatorial auction mechanisms. Further-
more, the authors in [12], [39] proposed auction mecha-
nisms for dynamic VM provisioning and pricing across
different geo-distributed data centers. The work [16], [37]
studied the online auction mechanisms for Infrastructure-
as-a-Service (IaaS) clouds, in which [37] focused on achiev-
ing the maximization of both social welfare and providers’
profit, while [16] considered the unique features of an elastic
model for inputting time-varying user demands and a uni-
fied model for requesting heterogeneous VMs together.
Also, Zhang et al. [38] designed an efficient randomized
auction mechanism for dynamic VM provisioning and pric-
ing with (1 — ¢)-optimal social welfare in expectation. The
authors in [35] presented a framework for truthful online
auctions in cloud computing where users with heteroge-
neous demands can come and leave on the fly. Moreover,
Anisetti et al. [5] modeled the multi-cloud provisioning
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Fig. 8. Property verifications: Truthfulness and individual rationality.

scenario as a generalization of second price procurement e-
auctions, in which the cloud service customers and pro-
viders are seen as the auctioneer and bidders, respectively.
They proposed an e-auction mechanism based on matching
and ranking algorithms to improve the truthfulness on the
e-auction outcome. Zheng et al. [40] proposed the first fam-
ily of strategy-proof double auctions for multi-cloud, multi-
tenant bandwidth reservation, which can achieve strategy-
proofness, ex-post budget balance, good social welfare, fine
cloud bandwidth utilization, and high tenant satisfaction
ratio, simultaneously. Different from the existing auction
mechanisms, we design a truthful auction-based VM alloca-
tion mechanism for deadline-sensitive tasks in distributed
ECNs, in which there exists the resource competition across
multiple geographically distributed ECNs. Moreover, the
deadline and capacity constraints are taken into consider-
ation simultaneously.

On the other hand, the works [14], [24], [39] focused on
balancing the workload between multiple edge cloud serv-
ers to minimize the total response time. Meanwhile, some
other works [12], [13], [17] investigated how to configure
edge clouds dynamically by proposing online resource
placement methodologies. Additionally, [25] designed the
edge cloud as a tree hierarchy of geo-distributed servers
and proposed a workload placement algorithm that maxi-
mizes the amount of peak workloads. [8] studied the multi-
user computation offloading problem for mobile edge cloud
in a multi-channel wireless interference environment. Dif-
ferent from these works, which mainly study the workload
scheduling and VM placement problem in edge clouds, we
focus on VM allocation from an economic view.

The works most relevant to our problem are [15], [22],
[30]. The authors in [15] designed two double auction mecha-
nisms to stimulate cloudlets to serve nearby mobile devices,
in which the authors simply assume that the mobile users’
requests and cloudlet resources are homogeneous, and each
cloudlet can serve only one request. The authors in [30] pro-
posed two auction mechanisms for two task models, which

—— WBS
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—4— Selfish

nning Time (ms)

Successful Ratio

Ru
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Fig. 9. Performance evaluations: Successful ratio and computational
efficiency.
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is essentially a crowdsourcing-based task allocation prob-
lem. Neither of these works analyzes the approximation ratio
of their proposed mechanisms. The authors in [22] designed
an online auction mechanism for dynamic virtual cluster
provisioning (including VM placement and inter-VM traffic
routing) and pricing in geo-distributed clouds, which is
modeled as an online combinational knapsack problem.

In contrast, we propose a truthful auction-based VM
resource allocation mechanism for deadline-sensitive tasks
in distributed edge cloud, which solves the problem of
mobile users competing for VM resources in geographically
distributed ECNs with capacity constraints. We model the
problem as an n-to-one weighted bipartite graph matching
problem with 0-1 knapsack constraints. Furthermore, we
analyze the approximation ratio of the winner selection
algorithm and further prove that the factor is urgent. Also,
our problem differs from the latest research on the online
knapsack problem and budgeted bipartite matching prob-
lem [27], in which two proposed online truthful algorithms
can achieve competitive ratios of 2e and 24, respectively.
Moreover, the auction method adopted in this paper is dif-
ferent from the four basic auction types, where we apply
the rule of critical payment introduced by Myerson [19].
Meanwhile, the Vickrey-Clarke-Groves (VCG) auctions [26],
based on the optimal allocation, cannot be applied in this
paper, because the n-to-one weighted bipartite matching
problem with 0-1 knapsack constraints cannot be solved
optimally. The Generalized Second-Price auction [9], as a
non-truthful auction mechanism for multiple items, is not
suitable for the VM resource allocation problem, which
needs to guarantee the truthfulness.

7 CONCLUSION AND FUTURE WORK

In this paper, we have studied the problem of allocating het-
erogeneous VM resource requests to geo-distributed edge
cloud nodes with capacity constraints in order to maximize
the total social welfare. We propose a truthful auction-based
VM resource allocation mechanism, i.e., AVA, which
mainly consists of a greedy winning bid selection algorithm
and a truthful payment determination algorithm. We prove
that the AVA mechanism can ensure the properties of truth-
fulness, individual rationality, and computational effi-
ciency. Moreover, we give the approximation ratio of the
winner selection algorithm, and prove that it is an urgent
bound. Finally, extensive simulations based on real traces
verify the performance of the AVA mechanism. In the
future research, we will study the VM resource allocation
problem for the interaction-intensive cloud applications
which involve the migration of cloud computing tasks.

ACKNOWLEDGMENTS

This research was supported in part by the National Natural
Science Foundation of China (NSFC) (Grant No. 61872330,
61572457, 61379132, U1709217, 61303206, 61572342,
61502261), NSF grants CNS 1757533, CNS 1629746, CNS
1564128, CNS 1449860, CNS 1461932, CNS 1460971, IIP
1439672, the NSF of Jiangsu Province in China (Grant No.
BK20131174, BK2009150), and Anhui Initiative in Quantum
Information Technologies (Grant No. AHY150300). Addi-
tionally, the support provided by China Scholarship Council

1739

(CSC) during a visit of ‘Guoju Gao’ to Temple University
(Grant CSC No. 201806340014) is acknowledged.

REFERENCES
[1] Grid workloads archive, Aug. 2018. Available [Online]: http://
gwa.ewi.tudelft.nl

[2] N. Abbas, Y. Zhang, A. Taherkordi, and T. Skeie, “Mobile edge
computing: A survey,” IEEE Internet Things ]., vol. 5, no. 1,
pp- 450-465, Feb. 2018.

[3] A. Aissioui, A. Ksentini, A. Gueroui, and T. Taleb, “On enabling
5G automotive systems using follow me edge-cloud concept,”
IEEE Trans. Veh. Technol., vol. 67, no. 6, pp. 5302-5316, Jun. 2018.

[4] Amazon, “Amazon elastic compute cloud,” Aug. 2018. Available
[Online]: https:/ /aws.amazon.com/cn/ec2/

[5] M. Anisetti, C. A. Ardagna, P. A. Bonatti, E. Damiani, M. Faella, C.
Galdi, and L. Sauro, “E-auctions for multi-cloud service
provisioning,” in Proc. IEEE Int. Conf. Serv. Comput., 2014, pp. 35-42.

[6] A. Ceselli, M. Premoli, and S. Secci, “Mobile edge cloud network
design optimization,” IEEE/ACM Trans. Netw., vol. 25, no. 3,
pp- 1818-1831, Jun. 2017.

[71 L. Chen, J. Wu, X. Zhang, and G. Zhou, “TARCO: Two-stage auc-
tion for D2D relay aided computation resource allocation in hetnet,”
IEEE Trans. Serv. Comput., 2018. doi: 10.1109/TSC.2018.2792024.

[8] X. Chen, L. Jiao, W. Li, and X. Fu, “Efficient multi-user computa-
tion offloading for mobile-edge cloud computing,” IEEE/ACM
Trans. Netw., vol. 24, no. 5, pp. 2795-2808, Oct. 2016.

[9] B. Edelman, M. Ostrovsky, and M. Schwarz, “Internet advertising
and the generalized second-price auction: Selling billions of dol-
lars worth of keywords,” Amer. Econ. Rev., vol. 97, no. 1, pp. 242—
259, 2007.

[10] G. Gao, M. Xiao, J. Wu, L. Huang, and C. Hu, “Truthful incentive
mechanism for nondeterministic crowdsensing with vehicles,”
IEEE Trans. Mobile Comput., vol. 17, no. 12, pp. 2982-2997,
Dec. 2018.

[11] L. Gao, T. H. Luan, S. Yu, W. Zhou, and B. Liu, “Fogroute: DTN-
based data dissemination model in fog computing,” IEEE Internet
Things J., vol. 4, no. 1, pp. 225-235, Feb. 2017.

[12] F. Hao, M. Kodialam, T. V. Lakshman, and S. Mukherjee, “Online
allocation of virtual machines in a distributed cloud,” IEEE/ACM
Trans. Netw., vol. 25, no. 1, pp. 238-249, Feb. 2017.

[13] L-H.Hou, T. Zhao, S. Wang, and K. Chan, “Asymptotically optimal
algorithm for online reconfiguration of edge-clouds,” in Proc. 17th
ACM Int. Symp. Mobile Ad Hoc Netw. Comput., 2016, pp. 291-300.

[14] M. Jia, W. Liang, Z. Xu, and M. Huang, “Cloudlet load balancing
in wireless metropolitan area networks,” in Proc. 35th Annu. IEEE
Int. Conf. Comput. Commun., 2016, pp. 1-9.

[15] A.-L.Jin, W. Song, P. Wang, D. Niyato, and P. Ju, “Auction mecha-
nisms toward efficient resource sharing for cloudlets in mobile
cloud computing,” IEEE Trans. Serv. Comput., vol. 9, no. 6,
pp- 895-909, Nov./Dec. 2016.

[16] J.Li, Y. Zhu, J. Yu, C. Long, G. Xue, and S. Qian, “Online auction
for IaaS clouds: Towards elastic user demands and weighted het-
erogeneous VMs,” in Proc. IEEE Conf. Comput. Commun., 2017,
pp- 1-9.

[17] Y. Li and W. Wang, “Can mobile cloudlets support mobile
applications?,” in Proc. IEEE Conf. Comput. Commun., 2014,
pp- 1060-1068.

[18] Microsoft, “Windows Azure,” Aug. 2018. Available [Online]:
http:/ /www.windowsazure.com/

[19] R. B. Myerson, “Optimal auction design,” Math. Operations Res.,
vol. 6, no. 1, pp. 58-73, 1981.

[20] M. M. Nejad, L. Mashayekhy, and D. Grosu, “Truthful greedy
mechanisms for dynamic virtual machine provisioning and allo-
cation in clouds,” IEEE Trans. Parallel Distrib. Syst., vol. 26, no. 2,
pp- 594-603, Feb. 2015.

[21] T. G. Rodrigues, K. Suto, H. Nishiyama, and N. Kato, “Hybrid
method for minimizing service delay in edge cloud computing
through VM migration and transmission power control,” IEEE
Trans. Comput., vol. 66, no. 5, pp. 810-819, May. 2017.

[22] W. Shi, C. Wu, and Z. Li, “An online mechanism for dynamic vir-
tual cluster provisioning in geo-distributed clouds,” in Proc. 35th
Annu. IEEE Int. Conf. Comput. Commun., 2016, pp. 1-9.

[23] W. Shi, L. Zhang, C. Wu, Z. Li, and F. C. M. Lau, “An online auc-
tion framework for dynamic resource provisioning in cloud
computing,” IEEE/JACM Trans. Netw., vol. 24, no. 4, pp. 2060-2073,
Aug. 2016.

Authorized licensed use limited to: University of Science & Technology of China. Downloaded on December 18,2021 at 07:11:27 UTC from IEEE Xplore. Restrictions apply.


http://gwa.ewi.tudelft.nl
http://gwa.ewi.tudelft.nl
https://aws.amazon.com/cn/ec2/
http://dx.doi.org/10.1109/TSC.2018.2792024
http://www.windowsazure.com/

1740

[24] H. Tan, Z. Han, X.-Y. Li, and F. C. Lau, “Online job dispatching
and scheduling in edge-clouds,” in Proc. IEEE Conf. Comput. Com-
mun., 2017, pp. 1-9.

L. Tong, Y. Li, and W. Gao, “A hierarchical edge cloud architec-
ture for mobile computing,” in Proc. 35th Annu. IEEE Int. Conf.
Comput. Commun., 2016, pp. 1-9.

H. R. Varian and C. Harris, “The VCG auction in theory and
practice,” Amer. Econ. Rev., vol. 104, no. 5, pp. 442-45, 2014.

R. Vaze, “Online knapsack problem and budgeted truthful bipar-
tite matching,” in Proc. IEEE Conf. Comput. Commun., 2017, pp. 1-9.

V. V. Vazirani, Approximation Algorithms. Berlin, Germany:
Springer, 2013.

H. Wang, Z. Kang, and L. Wang, “Performance-aware cloud
resource allocation via fitness-enabled auction,” IEEE Trans. Paral-
lel Distrib. Syst., vol. 27, no. 4, pp. 1160-1173, Apr. 2016.

X. Wang, X. Chen, and W. Wu, “Towards truthful auction mecha-
nisms for task assignment in mobile device clouds,” in Proc. IEEE
Conf. Comput. Commun., 2017, pp. 1-9.

X. Wang, K. Wang, S. Wu, D. Sheng, H. Jin, K. Yang, and S. Ou,
“Dynamic resource scheduling in mobile edge cloud with cloud
radio access network,” IEEE Trans. Parallel Distrib. Syst., vol. 29,
no. 11, pp. 2429-2445, Nov. 2018.

Z. Xu, W. Liang, W. Xu, M. Jia, and S. Guo, “Efficient algorithms
for capacitated cloudlet placements,” IEEE Trans. Parallel Distrib.
Syst., vol. 27, no. 10, pp. 2866-2880, Oct. 2016.

H. Yin, X. Zhang, H. H. Liu, Y. Luo, C. Tian, S. Zhao, and F. Lj,
“Edge provisioning with flexible server placement,” IEEE Trans.
Parallel Distrib. Syst., vol. 28, no. 4, pp. 1031-1045, Apr. 2017.

S. Zaman and D. Grosu, “A combinatorial auction-based mecha-
nism for dynamic VM provisioning and allocation in clouds,” IEEE
Trans. Cloud Comput., vol. 1,no. 2, pp. 129-141, Jul.-Dec. 2013.

H. Zhang, H. Jiang, B. Li, F. Liu, A. V. Vasilakos, and J. Liu, “A
framework for truthful online auctions in cloud computing with
heterogeneous user demands,” IEEE Trans. Comput., vol. 65, no. 3,
pp- 805-818, Mar. 2016.

L. Zhang, Z. Li, and C. Wu, “Dynamic resource provisioning in
cloud computing: A randomized auction approach,” in Proc. IEEE
Conf. Comput. Commun., 2014, pp. 433—441.

X. Zhang, Z. Huang, C. Wu, Z. Li, and F. C. M. Lau, “Online auc-
tions in IaaS clouds: Welfare and profit maximization with server
costs,” IEEEJACM Trans. Netw., vol. 25, no. 2, pp. 1034-1047,
Apr. 2017.

X. Zhang, C. Wu, Z. Li, and F. C. Lau, “A truthful (1-¢)-optimal
mechanism for on-demand cloud resource provisioning,” in Proc.
IEEE Conf. Comput. Commun., 2015, pp. 1053-1061.

J. Zhao, H. Li, C. Wu, Z. Li, Z. Zhang, and F. C. M. Lau, “Dynamic
pricing and profit maximization for the cloud with geo-distrib-
uted data centers,” in Proc. IEEE Conf. Comput. Commun., 2014,
pp- 118-126.

Z. Zheng, Y. Gui, F. Wu, and G. Chen, “Star: Strategy-proof dou-
ble auctions for multi-cloud, multi-tenant bandwidth reser-
vation,” IEEE Trans. Comput., vol. 64, no. 7, pp. 2071-2083,
Jul. 2015.

Z. Zhou, F. Liu, Z. Li, and H. Jin, “When smart grid meets geo-
distributed cloud: An auction approach to datacenter demand
response,” in Proc. IEEE Conf. Comput. Commun., 2015, pp. 2650—
2658.

[25]

[26]
[27]
[28]

[29]

[30]

[31]

[32]

[33]

[34]

[35]

[36]

[37]

[38]

[39]

[40]

[41]

Guoju Gao received the BS degree in informa-
tion security from the University of Science and
Technology of Beijing, Beijing, China, in 2014. He
is currently working toward the PhD degree in
computer science and technology in the School
of Computer Science and Technology, the Uni-
versity of Science and Technology of China,
Hefei, China. His research interests include
mobile cloud computing, mobile crowdsourcing,
privacy preservation, and incentive mechanism.

IEEE TRANSACTIONS ON SERVICES COMPUTING, VOL. 14, NO. 6, NOVEMBER/DECEMBER 2021

Mingjun Xiao received the PhD degree from the
University of Science and Technology of China,
in 2004. He is an associate professor with the
School of Computer Science and Technology,
University of Science and Technology of China
(USTC). His research interests include mobile
crowdsensing, mobile social networks, vehicular
ad hoc networks, mobile cloud computing, auc-
tion theory, data security and privacy. He
has published more than 60 papers in referred
journals and conferences, including the IEEE
Transactions on Mobile Computing, the IEEE/ACM Transactions on
Networking, the Transactions on Parallel and Distributed Systems, the
Transactions on Computers, INFOCOM, ICNP, etc. He served as
the TPC member of INFOCOM’18, ICDCS’15, Mobihoc’14, etc. He is on
the reviewer board of several top journals such as the IEEE Transa-
ctions on Mobile Computing, the IEEE/ACM Transactions on Network-
ing, the Transactions on Parallel and Distributed Systems, the
Transactions on Services Computing, the Transactions on Vehicular
Technology, the Transactions on Cloud Computing, etc. He is a member
of the IEEE.

Jie Wu is the director of the Center for Networked
Computing and Laura H. Carnell professor at
Temple University. He also serves as the director
of International Affairs at College of Science and
Technology. He served as chair of Department of
Computer and Information Sciences from the
summer of 2009 to the summer of 2016 and
associate vice provost for International Affairs
from the fall of 2015 to the summer of 2017. Prior
to joining Temple University, he was a program
director at the National Science Foundation and
was a distinguished professor at Florida Atlantic University. His current
research interests include mobile computing and wireless networks,
routing protocols, cloud and green computing, network trust and secu-
rity, and social network applications. He regularly publishes in scholarly
journals, conference proceedings, and books. He serves on several edi-
torial boards, including the IEEE Transactions on Services Computing
and the the Journal of Parallel and Distributed Computing. He was gen-
eral co-chair for IEEE MASS 2006, IEEE IPDPS 2008, IEEE ICDCS
2013, ACM MobiHoc 2014, IEEE ICPP 2016, and IEEE CNS 2016, as
well as program co-chair for IEEE INFOCOM 2011 and CCF CNCC
2013. He was an IEEE Computer Society Distinguished Visitor, ACM
Distinguished speaker, and chair for the IEEE Technical Committee on
Distributed Processing (TCDP). He is a CCF Distinguished speaker and
a fellow of the IEEE. He is the recipient of the 2011 China Computer
Federation (CCF) Overseas Outstanding Achievement Award.

He Huang received the PhD degree from the
Department of Computer Science and Technol-
ogy, University of Science and Technology of
China, in 2011. He is an associate professor with
the School of Computer Science and Technol-
ogy, Soochow University, Soochow, China. His
current research interests include spectrum auc-
tion, privacy preserving in auction, wireless sen-
sor networks, and algorithmic game theory. He is
a member of the IEEE, and a member of ACM.

Authorized licensed use limited to: University of Science & Technology of China. Downloaded on December 18,2021 at 07:11:27 UTC from IEEE Xplore. Restrictions apply.



Shengqi Wang received the BS degree in mate-
rials science from the University of Science and
Technology of China, Hefei, China, in 2018. He is
currently working toward the master’s degree in
materials science and computer science in the
School of Engineering, Cornell University, Ithaca.
His research interests include mobile cloud com-
puting, algorithmic game theory, machine learn-
ing and device-to-device communication.

GAO ET AL.: AUCTION-BASED VM ALLOCATION FOR DEADLINE-SENSITIVE TASKS IN DISTRIBUTED EDGE CLOUD 1741

Guoliang Chen received the BS degree from
Xi'an Jiaotong University, China, in 1961. Since
1973, he has been with the University of Science
and Technology of China, Hefei, China, a profes-
sor with the Department of Computer Science
and Technology, and the director of the School of
Software Engineering. From 1981 to 1983, he
was a visiting scholar at Purdue University, West
Lafayette, IN. He is currently also the director of
the National High Performance Computing Cen-
ter at Hefei. He has published nine books and
more than 200 research papers. His research interests include parallel
algorithms, computer architectures, computer networks, and computa-
tional intelligence. He is an Academician of Chinese Academy of Scien-
ces. He was the recipient of the National Excellent Teaching Award of
China in 2003.

Authorized licensed use limited to: University of Science & Technology of China. Downloaded on December 18,2021 at 07:11:27 UTC from IEEE Xplore. Restrictions apply.




<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


